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Abstract

We study the asymptotic distribution properties of concomitants of records and
Pfiefer records and provide some interesting examples on the different possible be-
haviour of the limits. We also show that under suitable conditions, the unnormalised
partial sum of concomitants of lower and upper records converges in distribution and
the limit is infinitely divisible.

1 Introduction

Study of records was initiated by Chandler [10] and after that contributions of numerous
researchers have enriched the field of theory of records and its ramifications. See Arnold
et. al. [1] for a comprehensive bibliography. An associated field of interest is the study
of concomitants of records defined as follows in the i.i.d. set up. Let {(Xn, Yn)}n≥1 be a
sequence of i.i.d. bivariate random variables, with a common joint cdf F (x, y). We assume
that F is continuous. Let us consider {Xn}, the i.i.d. sequence of random variables with
common cdf FX , which is the marginal of F . We define the sequence of records for {Xn} in
the usual way as follows:

Let L0 = 1. Suppose Li are defined for all i < n. Then define Ln = inf{k > Ln−1 :
Xk > XLn−1}. Define Rn = XLn

. Then {Rn} is the sequence of upper records for {Xn}.
We denote the corresponding Y -coordinates, YLn

by R[n] and they are defined to be the
concomitants of upper records. When there is no chance of confusion we simply refer to
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them as concomitants of records. We define lower records for Xn and concomitants for lower
records in an analogous way.

Concomitants of records can arise in several applications. Suppose individuals are to be
selected on the basis of measurement of an attribute A whose high value is desirable. Suppose
B is an associated attribute which is known to be positively (or negatively) correlated with
A. While B is easy to measure, A is not. So the individuals are first measured on the
basis of their B values and only those having B value bigger (or smaller) than all previous
observations on B qualify to be measured for their A values and sequence of A values
thus measured are concomitants of records. One can think of many such examples where
concomitants of records are useful.

Concomitants of order statistics attracted a considerable amount of attention in the lit-
erature (see for example, Balasubramanian et. al. [3], Beg et. al. [4], David et. al. [12]
etc.) but concomitants of records received comparatively little attention. Some important
references are Chacko et. al. [9], Houchens [14]. In this note we will discuss some interesting
results on asymptotic behaviour of concomitants of records. In Section 2.1, we derive a re-
lation between the limiting distribution of normalized records and that of concomitants. In
Section 2.2 we consider the concomitants of Pfeifer records (see Pfeifer [16]). In Section 3, we
present the asymptotic behaviour of sums of concomitants under certain conditions. Except
for Section 2.2, everywhere else we assume {(Xi, Yi)} to be a sequence of i.i.d. bivariate
random variables.

2 Main Results

Our basic is that the records sequence itself has a nondegenerate limit distribution. For
conditions under which this happens, see Resnick [17],, [18] or Arnold et. al. [1].

Assumption I. There exist sequences of reals {an} and {bn} and a nondegenerate random
variable R such that

Rn − bn
an

D→ R as n→ ∞. (2.1)

We also assume the following:

Assumption II. F (x, y) is absolutely continuous with density f(x, y).

The following result is an analogue of a result for concomitants of order statistics (see
David [11]), and does not seem to be available in the literature.

Theorem 1. Suppose {(Xi, Yi)} are i.i.d. and {Rn} is the record sequence of the X variables.
Suppose Assumption I and II hold. Suppose G : R2 → [0, 1] is continuous in r, such that
for each fixed y,

FY |X=anr+bn
(cny + dn) → G(r, y) as n→ ∞,

locally uniformly in r, where FY |X is the conditional cdf of Y given X.Then

P

(

R[n] − dn

cn
≤ y

)

→
∫ ∞

−∞
G(r, y)dFR(r),
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where FR is the cdf of R.

Proof : The proof is easy and similar to that available for concomitants of order statistics.
But for completeness we give it here. Now,

P(R[n] ≤ dn + cny) =

∫ ∞

−∞
P(R[n] ≤ dn + cny|Rn = x)FRn

(dx)

=

∫ ∞

−∞
P(YLn

≤ dn + cny|XLn
= x)FRn

(dx). (2.2)

Since (Xi, Yi) are i.i.d., by Lemma 1 in the Appendix,

P(YLn
≤ dn + cny|XLn

= x) = FY |X=x(dn + cny).

Now putting x = anr + bn, we have

P(R[n] ≤ dn + cny) =

∫ ∞

−∞
FY |X=anr+bn

(dn + cny)FRn−bn
an

(dr).

Fix ǫ > 0. Choose K > 0 so large that
∫ −K

−∞ FR(dr) +
∫∞

K
FR(dr) < ǫ. Then using (2.1),

∫ −K

−∞
FY |X=anr+bn

(dn + cny)FRn−bn
an

(dr) +

∫ ∞

−K

FY |X=anr+bn
(dn + cny)FRn−bn

an

(dr) < ǫ

for all n large enough. Now since by our assumption, for each y, FY |X=anr+bn
(dn + cny) →

G(r, y) locally uniformly in r,

∫ K

−K

FY |X=anr+bn
(dn + cny)FRn−bn

an

(dr)

≤
∫ K

−K

|FY |X=anr+bn
(dn + cny) −G(r, y)|FRn−bn

an

(dr) +

∫ K

−K

G(r, y)FRn−bn
an

(dr)

−→
∫ K

−K

G(r, y)FR(dr), (2.3)

since G(·, y) is a bounded and continuous (by assumption) function.

2.1 Examples

Example 1: Consider Gumbel’s bivariate exponential distribution,

F (x, y) = 1 − exp(−x) − exp(−y) + exp (−(x+ y + θxy)) , x, y > 0, 0 ≤ θ ≤ 1.

Its p.d.f. is given by

f(x, y) = exp(−x− y − θxy) ((1 + θx)(1 + θy) − θ) , x > 0, y > 0.
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It is easy to see that the marginal cdf FX of X is E(1), the standard exponential. So (see
Resnick [18])

Rn − n√
n

D→ N(0, 1), the standard normal variate.

Let rn :=
√
nr + n, −∞ < r <∞. Then

FY |X=rn
(cny + dn) =

∫ cny+dn

0

fY |X=rn
(u)du

=

∫ cny+dn

0

exp(−u(1 + θrn))((1 + θrn) + θu(1 + θrn) − θ)du (2.4)

Now putting cny + dn = yn we have

FY |X=rn
(yn) =

∫ yn

0

exp(u(1 + θrn))((1 + θrn) + θu(1 + θrn) − θ)du

= 1 − exp(−yn(1 + θrn))(1 + θyn). (2.5)

If we take cn = 1/n and dn = 0, i.e. yn = y/n, then for any fixed y > 0,

1 − exp
[

−(y/n)(1 + θ(
√
nr + n))

]

(1 + θy/n) −→ 1 − exp(−yθ) as n→ ∞,

uniformly in r ∈ [−K,K], for any K > 0. So in this example G(r, y) = 1− exp(−yθ), y > 0.
Therefore by the above theorem

P(nR[n] ≤ y) →
∫ ∞

−∞
(1 − exp(−yθ))Φ(dr),

where Φ is the standard normal cdf. Hence P(nR[n] ≤ y) → 1 − exp(−yθ), that is, nR[n]
D→

E(θ).

Incidentally, it also follows that R[n]
P→ 0, though Rn

a.s.→ ∞. But this is not surprising
since one can show that correlation of (X, Y ) for F (X, Y ) in the above example, is

−1 +

∫ ∞

0

exp(−y)
1 + θy

dy < 0.

Example 2: Consider the bivariate Normal distribution N(0, 0, 1, 1, ρ). Here conditional cdf
of Y given X = x is Φ(ρx, 1 − ρ2), where Φ(·) is the cdf of the standard normal variate. In
this case, the asymptotic distribution of concomitants can be easily calculated using linearity
of the regression of the normal distribution (see Arnold et al. [1] p.273).

However, we can also apply Theorem 1 to compute the proper centering and scaling and
obtain the asymptotic distribution of concomitants as follows: Let (X, Y ) ∼ N(0, 0, 1, 1, ρ).
Then (see Arnold et al. [1], p.19),

Rn − ψ(n)

ψ(n +
√
n) − ψ(n)

D→ N(0, 1),
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where ψ(n) = Φ−1(1− e−n) and conditional distribution of Y given X = x is N(ρx, 1 − ρ2).
A little calculation shows bn := ψ(n) ∼

√
2n and an := ψ(n +

√
n) − ψ(n) ∼ 1/

√
2. Put

rn = r√
2

+
√

2n. Then

FY |X=rn
(cny + dn) = Φ

(

cny + dn − ρrn
√

1 − ρ2

)

.

If we choose cn = 1 and dn =
√

2nρ, then it is easy to see that

G(r, y) := lim
n→∞

FY |X=rn
(cny + dn) = Φ(

y − ρr√
2

√

1 − ρ2
).

Therefore, as n→ ∞,

P(R[n] −
√

2nρ ≤ y) →
∫ ∞

−∞
Φ

(

y − ρr√
2

√

1 − ρ2

)

1√
2π
e−

r2

2 dr.

Computing the integral by first differentiating the integrand with respect to y under sign of
integration and then integrating with respect to y, we get the known result (see Arnold et.
al. [1], p. 272)

P(R[n] −
√

2nρ ≤ y) → Φ





y
√

1 − ρ2

2



 .

Example 3: Theorem 1 is not applicable if (2.1) does not hold. For example, consider
Mardia’s bivariate Pareto distribution, with joint pdf (see Arnold et. al. [1], p.273),

fX,Y (x, y) =
α(α + 1)

σXσY

(

1 +
x

σX
+

y

σY

)−(α+2)

.

Then

R[n] = c(Rn)(V − 1), where c(x) = σY (1 +
x

σX

) and V ∼ Pareto(α + 1, 1).

In this case
c(Rn)

D
= σX(Πn

j=0Uj)
− 1

α ,

where α > 0 and {Uj} are i.i.d. with common distribution U [0, 1], and are independent of
V . Therefore,

R[n]
D
= σY (Πn

j=0Uj)
− 1

α (V − 1).

Then

logR[n]
D
= K − 1

α

n
∑

j=0

logUj + log(V − 1).

The above equation yields

α

[

logR[n] −K + n
α√

n

]

D
=

−
∑n

j=0 logUj − n
√
n

+
log(V − 1)√

n

D→ Z ∼ N(0, 1).
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2.2 Concomitants of Pfeifer Records

There is one important case where it is possible to drop the assumption of identical distri-
bution on {(Xi, Yi)}i≥1 in Theorem 1. This is the case of Pfeifer records, and is defined as
follows (see Pfeifer [16]):

Consider a rectangular array of independent bivariate random variables {(Xij, Yij)},
i = 1, 2, ..., j = 0, 1, ...... and (Xin, Yin)i≥1 are i.i.d. random variables with common dis-
tribution Fn(x, y). We also assume that the marginals {(Fn)X}n≥0 satisfy 1 − (Fn)X(x) =
(1 − (F0)X(x))αn , where {αn} is a sequence of positive numbers. We define Pfeifer records
of X as follows:
We define X01 as the 0th Pfeifer record R0. After defining the nth record Rn, from the
sequence {(Xin, Yin)}i≥1, we move on to the (n + 1)st row and consider the first i ≥ 1 for
which Xi(n+1) > Rn and for that i, Xi(n+1) is defined to be Rn+1, the (n+1)st Pfeifer record.
In this set-up, we call the Y co-ordinate, corresponding to Rn, as concomitant of nth Pfeifer
record and denote it by R[n].

It is easy to see that in this model,

P(R[n] ≤ y|Rn = x) = (Fn)Y |X=x(y).

The proof is similar to Lemma 1 in the Appendix. The following modification of Theorem 1
holds. The proof is similar to that of Theorem 1 and is omitted.

Theorem 2. Suppose for some an and bn, P

(

Rn−bn

an
≤ r
)

→ FR(r) for some nondegenerate

cdf FR. If for some cn and dn and any fixed y, (Fn)Y |X=anr+bn
(cny+dn) → G(r, y) as n→ ∞,

locally uniformly in r, where G(r, y) continuous in r, then

P

(

R[n] − dn

cn
≤ y

)

→
∫ ∞

−∞
G(r, y)FR(dr).

Example: Let Fn(x, y) be the Ferlie-Gumbel-Morgenstern cdf

Fn(x, y) = (Fn)X(x)(Fn)Y (y)[1 + θ(1 − (Fn)X(x))(1 − (Fn)Y (y))], where 0 < θ < 1.

with exponential marginals (Fn)X(x) and (Fn)Y (y), given by

(Fn)X = 1 − eαnx and (Fn)Y = 1 − eβnx

and {αn} and {βn} are two sequences of positive numbers, both increasing to ∞ in such a
way that

∑n
i=1(1/α

2
i ) is divergent.

Then the nth conditional pdf

(fn)Y |X=x(y) = βne
−βny[1 + θ(1 − 2e−αnx − 2e−βny + 4e−αnx−βny)], x, y > 0. (2.6)

In this case, it is known that (see Arnold et. al. [1], (6.5.9), p. 201),

1

an
(Rn − bn)

D→ N(0, 1) where an =

[

n
∑

i=1

(1/α2
i )

]1/2

and bn =

n
∑

i=1

(1/αi).
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As before let rn := anr + bn, −∞ < r <∞. Since

(Fn)Y |X=rn
(cny + dn) =

∫ yn

−∞
(fn)Y |X=rn

(u)du,

we have, using (2.6)

(Fn)Y |X=rn
(yn) = (1 − e−βnyn)[1 − θe−βnyn(1 − 2e−αnrn)].

If we let cn = 1
βn

and dn = 0, then for any y > 0, (as αnrn → ∞, uniformly over r, when r

is in any compact interval)

(Fn)Y |X=rn
(cny + dn) → (1 − e−y)(1 − θe−y) locally uniformly in r.

Therefore
G(r, y) = (1 − e−y)(1 − θe−y)

which is independent of r. Hence,

P (βnR[n] ≤ y) → (1 − e−y)(1 − θe−y) =: G(y).

It is obvious that G(·) is a nondegenerate cdf.

It is interesting to note that the limiting distribution of normalized R[n] is independent of
the limiting distribution of Rn. Indeed, when

∑n
i=1(1/α

2
i ) <∞, the limiting distribution of

normalized Rn is discussed in Arnold et. al. [1], p. 201 and in that case too, βnR[n] has the
same limiting distribution as above.

3 Asymptotic behaviour of sums of concomitants

Limit distribution properties of sums of record values have been considered by several au-
thors. See for example, Arnold et al. [2], Bose et al. [6], [7], [8], Iksanov [15]. We now
investigate what happens to sums of comcomitants of record values. Let us first con-
sider the very special case when {(Xi, Yi)} are i.i.d. bivariate normal with distribution
N(µX , µY , σX , σY , ρ). Then

FR[i]|Ri=r = FYLi
|XLi

=r = FY |X=r ∼ N

(

µY + ρ
σY

σX
(r − µX), σ2

Y (1 − ρ2)

)

.

Let
Zi := R[i] − (µY + ρ

σY

σX
(Ri − µX)).

If Z̃i := Yi − (µY + ρσY

σX
(Ri − µX)), then {Z̃i}i≥1 are i.i.d. normal N(0, σ2

Y (1 − ρ2)) and
independent of {Xi}i≥1. Therefore,

Zi ≡ Z̃Li
∼ N(0, σ2

Y (1 − ρ2))

and are mutually independent and are independent of {Xi}i≥1.
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In Bose et. al. [8], Theorem 2, it has been shown that

1
n√
2

n
∑

i=1

(

Ri − µx

σx

−
√

2i

)

D→ N(0, 2/3).

Also by the CLT applied to the i.i.d. sequence {Zi}, we have

1
√
nσY

√

1 − ρ2

n
∑

i=1

Zi
D→ N(0, 1).

Hence, 1
n√
2
σY ρ

∑n
i=1 Zi → 0 in probability. Therefore,

1
n√
2
ρσY

n
∑

i=1

(R[i] − µY −
√

2i)
D→ N(0, 2/3).

3.1 Laplace transform of sums of concomitants

Bose et al. in [6] and [7] dealt with the asymptotic behaviour of sums of upper and lower
records for a certain class of underlying distribution through studying their Laplace trans-
forms. We now adapt that idea for sums of concomitants.

3.1.1 Sums of concomitants of lower records

In Bose et. al. [6] it is shown that under certain conditions on the underlying distribution
F , the sums of lower records converge to an infinitely divisible random variable. We now
provide a suitable extension to sums of concomitants.

Assumption III F (x, y) is absolutely continuous and its support is a subset of R+ × R+,
i.e. X > 0 and Y > 0 and FX(0) = 0.

For convenience we denote the concomitants corresponding to the ith lower record by the
same notation R[i].

Let
ξt(x) := E

[

e−t
P∞

n=0 R[n] |R0 ≤ x
]

, ξn
t (x) := E

[

e−t
Pn

i=0 R[i]|R0 ≤ x
]

and denote the conditional Laplace transform of Y given X by

L(x, t) :=

∫ ∞

0

e−tyfY |X=x(y)dy.

Theorem 3. Suppose Assumption III holds. Further

(i) for any fixed t > 0,
∫∞
0

1−L(x,t)
FX(x)

FX(dx) <∞,
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(ii) for any fixed t > 0, L(x, t) is monotone in x in some neighbourhood of x = 0 and

(iii) 1−L(x,t)
FX(x)

= O(l(x)) as t→ 0+, where l(x) is integrable with respect to FX(dx).

Then
∑n

i=0R[i] converges almost surely to a proper random variable with Laplace transform

L(t) := E

[

e−t
P∞

i=0R[i]

]

= exp

(

−
∫ ∞

0

(1 − L(x, t))
fX(x)

FX(x)
dx

)

.

Moreover, this limit is infinitely divisible.

Proof : Observe that

ξn
t (x) : = E(e−t

Pn
i=0 R[i] |R0 ≤ x)

=

∫ ∞

0

∫ x

0

E(e−t
Pn

i=0 R[i] |R0 = u,R[0] = v)fY |X=u(v)
fX(u)

FX(x)
dudv

=

∫ ∞

0

∫ x

0

e−tv
E(e−t

Pn
i=1 R[i]|R1 ≤ u)fY |X=u(v)

fX(u)

FX(x)
dudv

=

∫ x

0

E(e−t
Pn

i=1 R[i] |R1 ≤ u)
fX(u)

FX(x)

(
∫ ∞

0

e−tvfY |X=u(v)dv

)

du

=
1

FX(x)

∫ x

0

ξn−1
t (u)L(u, t)fX(u)du. (3.1)

(For the third equality we use Lemma 2 in Appendix). So (3.1) gives us an integral relation
amongst {ξn

t }n≥0. Since R[i] are all nonnegative, for any fixed x > 0, ξn
t (x) is decreasing in

n and for all n, 0 < ξn
t (x) < 1. Therefore, limn→∞ ξn

t (x) exists and lies between [0, 1] and by
conditional DCT, limn→∞ ξn

t (x) = ξt(x). Also from (3.1) and an application of DCT, it is
evident that ξt(·) satisfies the integral equation

ξt(x) =
1

FX(x)

∫ x

0

ξt(u)L(u, t)FX(du). (3.2)

We will now show that

(a) ξt(∞) := limx→∞ ξt(x) exists and

(b) L(t) = ξt(∞).

(a) follows easily by bounded convergence theorem. Indeed, in (3.2),

|ξt(u)L(u, t)I[0,x]| ≤ 1.

So by bounded convergence theorem,

lim
x→∞

ξt(x) =

∫ ∞

0

ξt(u)L(u, t)FX(du).

9



The proof of (b) is similar to that given in Bose et. al. [6]. For the sake of completeness we
give it here.

|E(e−t
Pn

i=0 R[i]) − ξt(∞)|
≤ |E(e−t

Pn
i=0 R[i]I(R0≤x)) − ξt(x)| + |E(e−t

Pn
i=0 R[i]I(R0>x))| + |ξt(x) − ξt(∞)|

≤ |FX(x)ξn
t (x) − ξt(x)| + |P(R0 > x)| + |ξt(x) − ξt(∞)|

≤ FX(x)|ξn
t (x) − ξt(x)| + ξt(x)|1 − FX(x)| + P(R0 > x) + |ξt(x) − ξt(∞)| (3.3)

(in the second inequality we use the fact that

FX(x)ξn
t (x) = E[E(e−t

Pn
i=0 R[i]|R0)I(R0≤x))].

Clearly, (3.3) can be made arbitrarily small by taking n and x sufficiently large and hence
(b) is proved. Therefore, ξt(∞) is L(t), the Laplace transform of the sum of concomitants.

By condition (ii), using induction on n one can see that ξ
(n)
t (x) is monotone in a neighbour-

hood of (x = 0), for all n which implies ξt(x) is also so. So limx→0+ ξt(x) exists. We define
ξt(0) = limx→0+ ξt(x), so that ξt(x) is continuous on [0,∞). Now consider the following

integral equation for the function h(·):

h(x)FX(x) =

∫ x

0

h(u)L(u, t)fX(u)du. (3.4)

We have already seen that ξt(·) satisfies (3.4) and also it is a bounded continuous solution
of (3.4). So we will consider only bounded continuous solutions which takes values in [0, 1].
If h(·) is such a solution, we claim that ξt(x) ≥ h(x). The proof is similar to that given in
Bose et. al. [6]:

ξ0
t (x) = E(e−tR[0] |R0 ≤ x)

= E(e−tY |X ≤ x)

=

∫ x

0

L(u, t)
fX(u)

FX(u)
du

≥
∫ x

0

L(u, t)h(u)
fX(u)

FX(u)
du = h(x). (3.5)

Then using induction on n, it is easy to see that ξn
t (x) ≥ h(x) for all n and by taking limit

as n→ ∞ we get ξt(x) ≥ h(x).

Define the function

g(x) := exp

(

−
∫ x

0

(1 − L(u, t))FX(du)

FX(u)

)

.

Now we will show that if η(·) is a solution of (3.4), then η(·) is a constant multiple of g.
Since η(·) satisfies (3.4),

η(x)FX(x) =

∫ x

0

η(u)L(u, t)fX(u)du.
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Since we consider only those solutions η(·), which are continuous on [0,∞), we can use
fundamental theorem of calculus to have

η′(x)FX(x) + η(x)fX(x) = η(x)L(x, t)fX(x).

Dividing both sides by η(x)FX(x) for x > 0, we have the following differential equation:

η′(x)

η(x)
= (L(x, t) − 1)

fX(x)

FX(x)
. (3.6)

Integrating both sides we get,

η(x) = C exp

(

−
∫ x

0

(1 − L(u, t))
fX(u)

FX(u)
du

)

(3.7)

where C is a constant lying in [0, 1]. This shows that the solution η(·) is a constant multiple
of g(·). Since ξt(·) is a solution greater than or equal to any other solution, C = 1 for ξt(·).
Hence,

ξt(x) = exp

(

−
∫ x

0

(1 − L(u, t))
fX(u)

FX(u)
du

)

.

Taking limit as x→ ∞ we have

L(t) ≡ ξt(∞) = exp

(

−
∫ ∞

0

(1 − L(u, t))
fX(u)

FX(u)
du

)

.

To see that it is a Laplace transform of a proper random variable it is enough to see that L(t)
is a completely monotone function of t, i.e. (−1)n dn

dtn
L(t) ≥ 0 for al n ≥ 0, (see Bondesson

[5]). For any x in a neighbourhood of zero, the Taylor series expansion in t of L(x, t) gives

1 − L(x, t) = −t d
dt
L(x, t) +

t2

2!

d2

dt2
L(x, t) − t3

3!

d3

dt3
L(x, t) + · · · (3.8)

Since L(x, t) is a Laplace transform, it is a completely monotone function of t. Hence all the
terms of the right hand side of (3.8) are nonnegative. Therefore, for all n ≥ 1,

|
tn

n!
dn

dtn
L(x, t)

FX(x)
| ≤ 1 − L(x, t)

FX(x)
,

which is integrable with respect to FX(dx) by condition (i). So differentiation with respect
to t under the sign of integration is permissible. Performing this differentiation gives

(−1)
d

dt
L(t) = L(t)

∫ ∞

0

(−1)(
d

dt
L(u, t))

fX(u)

FX(u)
du ≥ 0.

Using Leibnitz’s chain rule and the fact that L(x, t) is completely monotone, it is easy to see
that L(t) is completely monotone.

Now we invoke condition (iii). Let h(t) := − logL(t). Since the given hypothesis allows us
to use DCT as t→ 0+, we have limt→0+ h(t) = 0. Therefore, L(t) = e−h(t) where (d/dt)h(t)
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is a completely monotone function and limt→0+ h(t) = 0. So L(t) is a Laplace transform of
an infinitely divisible random variable, (see Feller [13], p.425) and that completes the proof
of the Theorem.

Example 5: Let, for all u > 0,

fY |X=u(y) =
1

u
e−

y

u , y > 0

and FX(u) be uniform cdf over [0, 1]. Then L(u, t) = 1
ut+1

. Conditions (i), (ii) and (iii)
of Theorem 3 are satisfied. So the sums of the lower concomitants converge to a random
variable whose Laplace transform is L(t) = (t+1)−1, i.e. the limiting distribution is Exp(1).

3.1.2 Concomitants of upper records

Next we consider the asymptotic behaviour of sums of concomitants of upper records. Here
we assume F (x, y) is absolutely continuous and the support of FY is a subset of R+. For the
sake of convenience, we assume that the support of FX also is a subset of R+, though it is
not necessary. As before, define

L(x, t) = E
[

e−tY |X = x
]

and ζt(x) := E

[

e−t
P∞

i=0 R[i] |R0 > x
]

.

The proof of the following theorem is essentially similar to that in the lower records case and
hence is omitted.

Theorem 4. Suppose for any fixed t > 0,

(a)
∫∞
0

1−L(x,t)
1−FX(x)

FX(dx) <∞ and

(b) 1−L(x,t)
1−FX(x)

= O(l(x)) as t→ 0+, where l(x) is integrable with respect to FX(dx).

Then
∑∞

i=0R[i] converges to a proper random variable whose Laplace transform is

L(t) = exp

(

−
∫ ∞

0

1 − L(x, t)

1 − FX(x)
FX(dx)

)

, t > 0.

In this case also, the limit is an infinitely divisible random variable.

Remark. Observe that condition (ii) in Theorem 3 is used only to prove that limx→0+ ξt(x)
exists, so that ξt(x) can be made continuous on [0,∞) by removing the removable discon-
tinuity at x = 0. Hence its analogue is not needed in upper records case, as ζt(x) has no
discontinuity on [0,∞). Therefore, we do not need any extra condition near x = 0.

Observe that condition (b) in Theorem 4 is required only to ensure that limt→0+(− logL(t)) =
0. However, in the following example we can verify it directly instead of verifying condition
(b).
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Example 6: Let, for all y > 0 and x > 0,

fY |X=x(y) = xe−xy and FX(x) = 1 − α

x+ α
, x > 0,

for some constant α > 0. Then condition (a) of the Theorem is satisfied. Computing directly
∫∞
0

1−L(x,t)
1−FX(x)

FX(dx) we have, for t > 0,

L(t) =
(α

t

)− t
α−t

, for t 6= α

= e−1, for t = α. (3.9)

It is easy to see by direct computation that limt→0+ logL(t) = 0 and d
dt

(− logL(t)) is com-
pletely monotone. Therefore,

∑n
i=1R[i] converges to an infinitely divisible random variable

whose Laplace transform is given by (3.9).

Remark. Iksanov [15], extended the results of Bose et al. [6], [7] to arbitrary distributions
with simplified proofs using the idea of shot noise distribution. It would be interesting to
see if his method can be applied to derive the limiting distribution of sums of concomitants.

4 Appendix

Lemma 1. Let {(Xi, Yi)}i≥1 be a sequence of i.i.d. bivariate random variables. Let Rk and
R[k] be kth record and its concomitant respectively. Then for any measurable function g,
E(g(Y )|X) = E(g(R[k])|Rk), for all k ≥ 1.

Proof.

E(g(R[k])|Rk) =
∞
∑

l=k

E(g(R[k])ILk=l|Rk)

=

∞
∑

l=k

E(g(R[k])|ILk=l, Rk)P(Lk = l|Rk) =

∞
∑

l=k

E(g(Yl)|Xl,A)P(Lk = l|Rk) (4.1)

where A ⊂ σ{X1, X2, . . .Xl−1}. Since both Xl, Yl are independent of A, the last quantity in
(4.1) is equal to

∞
∑

l=k

E(g(Yl)|Xl)P(Lk = l|Rk) = E(g(Y )|X).

�

Lemma 2. The set up is as in Lemma 1. Let j ≤ k1 < k2. Then for any measurable
functions g and h,

E
(

g(R[k1])h(R[k2])|Ri, R[i], i < j, Rk1

)

= E
(

g(R[k1])h(R[k2])|Rk1

)

.
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Proof : Using the properties of conditional expectation we have,

E
(

g(R[k1])h(R[k2])|Ri, R[i], i < j, Rk1

)

=
∑

j≤l1<l2<∞
E

(

g(R[k1])h(R[k2])ILk1
=l1 , ILk2

=l2 |Ri, R[i], i < j, Rk1

)

=
∑

j≤l1<l2<∞
[E
(

g(R[k1])h(R[k2])|A
)

P(Lk1 = l1, Lk2 = l2|Ri, R[i], i < j, Rk1)]

=
∑

j≤l1<l2<∞
E (g(Yl1)h(Yl2)|A)P(Lk1 = l1, Lk2 = l2|Ri, R[i], i < j, Rk1)

=
∑

j≤l1<l2<∞
[

∫

x2>R[k1]

E[E (g(Yl1)h(Yl2)|Xl1, Xl2 ,A) |Xl2,A]fXl2
|A(x2)dx2

× P(Lk1 = l1, Lk2 = l2|Ri, R[i], i < j, Rk1)]

=
∑

j≤l1<l2<∞
[

∫

x2>R[k1]

E[E(g(Yl1)|Xl1)E(h(Yl2)|Xl2)|XL2 ,A](x2)fRk2
|A(x2)dx2

× P(Lk1 = l1, Lk2 = l2|Ri, R[i], i < j, Rk1)] (4.2)

where A = σ{ILk1
=l1 , ILk2

=l2 , Ri, R[i], i < j, Rk1}. The last equality holds because Yli depends
only on Xli, i = 1, 2.

As {(Xn, Yn)}n≥1 are i.i.d. E(g(Yl1)|Xl1) is independent of l1 and is equal to E(R[k1]|Rk1) by
Lemma 1 (the same is true for the conditional expectation of h(Y )). Also since the records
of X form a Markov sequence and are independent of record times {I{Lj=lj}}, the last sum
of (4.2) is equal to

E(g(R[k1])|Rk1)

∫

x2>Rk1

E(h(R[k2])|Rk2)(x2)fRk2
|A(x2)dx2

×
∑

j≤l1<l2<∞
P(Lk1 = l1, Lk2 = l2|Ri, R[i], i < j, Rk1)

= E(g(R[k1])|Rk1)E(h(R[k2])|Rk1). (4.3)

By the same argument as above we can show that

E(g(R[k1])|Rk1)E(h(R[k2])|Rk1) = E[g(R[k1])h(R[k2])|Rk1 ],

and the result will follow. �

Remark. Instead of two indices k1 and k2 Lemma 2, can be extended to any finite number
of indices.
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