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(57) ABSTRACT 

A Mahalanobis distance measure is used to identify a query 
image among plural images in a database. The measure may 
be used to rank the similarity of one or more images to the 
query image. Avariance-covariance matrix is calculated for 
all images in the database. The variance-covariance matrix 
is used to calculate the Mahalanobis distance betWeen the 
query image and one or more images in the database. A 
range tree may be used to identify likely image candidates 
for performing the Mahalanobis distance measurement. 
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IMAGE RETRIEVAL USING DISTANCE 
MEASURE 

BACKGROUND 

This invention relates to image processing and, more 
particularly, to the characterization of images. 

Image processing refers to the analysis and manipulation 
of images using a computer. The discipline encompasses a 
Wide array of techniques, including pattern recognition and 
other image analysis, compression and encoding, such as 
image transmission, and image construction, to name but a 
feW examples. Image processing is used in diverse ?elds 
such as astronomy, medicine, military operations, 
communications, geology, meteorology and so on. 

Although visual in nature, images may be characteriZed 
so that a computer or other processor-based system may also 
“see” the image or, for example, distinguish the image from 
other images. Identifying the moment, entropy, center of 
mass, orientation, or other histogram-based features is one 
approach to image characterization. Structural and syntactic 
features of the image may serve as characteristic parameters. 
Geometric indicia, such as perimeter, area, eccentricity, or 
Euler number, may numerically identify the image. 

Because images are often perturbed, such as during 
transmission, the characteristic parameters of the image are 
ideally invariant folloWing transformations. Image transfor 
mations may include translation, rotation, scaling, shearing, 
compression, inclusion of noise, and so on. 

Particularly in the emerging domain of Internet 
technology, image searching may be an important tool. 
Different characteristics of the images, used for image 
searching, may have Widely varying results, hoWever. This 
type of image searching is knoWn as content-based image 
retrieval. 

One technique for retrieving images from a database of 
images is to associate each image With a certain number of 
features. Using feature vectors, each image, represented by 
its feature values, is mapped to a point in an n-dimensional 
feature space, Where there are n features identi?ed. A simi 
larity query is then used to retrieve the images lying in a 
neighborhood close to the query image. 

In executing these similarity queries, the precision of 
obtaining the image may be offset by the siZe of the image 
database and the time to calculate the various features 
involved in the similarity query. 

Thus, there is a continuing need for optimiZing image 
retrieval methods. 

BRIEF DESCRIPTION OF THE DRAWINGS 

FIG. 1 is a block diagram of a binary image according to 
one embodiment of the invention; 

FIG. 2 is a block diagram of a 4- and 8-neighborhood 
according to one embodiment of the invention; 

FIG. 3 is a block diagram of a gray-tone image according 
to one embodiment of the invention; 

FIGS. 4A through 4D are binary images of the gray-tone 
image of FIG. 3 according to one embodiment of the 
invention; 

FIGS. 5A through 5D are re?ected gray code representa 
tions of the gray-tone image of FIG. 3 according to one 
embodiment of the invention; 

FIG. 6 is a block diagram of a system according to one 
embodiment of the invention; 
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2 
FIG. 7 is a How diagram for calculating a variance 

covariance matrix for plural images of the system of FIG. 6 
according to one embodiment of the invention; and 

FIG. 8 is a How diagram for calculating the Mahalanobis 
distance betWeen a query image and plural images of the 
system of FIG. 6 according to one embodiment of the 
invention. 

DETAILED DESCRIPTION 
Euler Number 

To retrieve an image from a database of images, each 
image may be characteriZed to distinguish it from the other 
images. For example, the image may be characteriZed 
numerically. 

For example, each binary image of a database of binary 
images may be assigned an Euler number. An Euler number 
of a binary image is the difference betWeen the number of 
connected components (objects) in the image and the num 
ber of holes in the image. 

The Euler number is a topological feature of the binary 
image. The Euler number remains invariant under 
translation, rotation, scaling and rubber-sheet transformation 
of the binary image. 
A binary image 16 may be represented in an N><M pixel 

matrix 20, in Which an object pixel 12 is shaded, to indicate 
a binary value of 1, While a background pixel 12 is 
unshaded, to indicate a binary value of 0, as depicted in FIG. 
1. Within the N><M pixel matrix 20, a connected component 
is a set of object pixels such that any object pixel 12 in the 
set is in the eight (or four) neighborhood of at least one 
object pixel 12 of the same set. Both a 4-neighborhood 14 
and an 8-neighborhood 18 are depicted in FIG. 2. 

In addition to connected components in the binary image, 
in one embodiment, a hole is de?ned as a set of background 
pixels, such that any background pixel in the set is in the 4 
(or eight) neighborhood of at least one background pixel of 
the same set and this entire set of background pixels is 
enclosed by a connected component. 
A run of the i”1 column (or roW) of the pixel matrix 20 is 

de?ned to be a maximal sequence of consecutive ones in the 
i”1 column (or roW). TWo runs appearing in tWo adjacent 
columns (roWs) each are said to be neighboring if at least 
one pixel of a run is in the eight (or four) neighborhood of 
a pixel of the other run. 

If the binary image 16, knoWn as I, consists of a single 
roW (column) i, the Euler number E(I) of the image 16 is the 
same as the number of runs, denoted as R(i), of the image 16, 
as shoWn by the folloWing formula: 

HoWever, Where the binary image 16 consists of multiple 
roWs (columns), the binary image, I, may be divided into 
partial images, Ii. Further, the Euler number of the entire 
image can be found using the folloWing relations: 

Where Oi equals the number of neighboring runs betWeen 
tWo consecutive roWs (columns), e.g., the (i—1)’h and the ith 
roWs (columns). 

According to one embodiment, the Euler number of a 
binary image is de?ned as the difference betWeen the sum of 
the number of runs for all roWs (columns) and the sum of the 
neighboring runs betWeen all consecutive pairs of roWs 
(columns) of the N><M pixel matrix. Stated mathematically: 
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Where IN=I denotes the entire image. Thus, by knowing the 
number of runs and the number of neighboring runs in the 
binary image, I, the Euler number, E(I) may be computed. 
Euler Vector 

The Euler number for binary images may be extended to 
gray-tone images. For example, as depicted in FIG. 3, a 
gray-tone image 36 may be represented in an N><M matrix 
in Which each element 22 is an integer betWeen 0 and 255 
decimal denoting the intensity of the corresponding pixel. 
The intensity value of each element may be represented by 
an 8-bit binary vector (b7, b6, b5, b4, b3, b2, b1, b0). The 
gray-tone image 36 thus comprises eight bit planes, or eight 
distinct binary images. 

The hypothetical gray-tone image 36 includes three 8-bit 
pixels 22a, 22b, and 22c, each of Which represents a distinct 
intensity value, as shoWn. 

In one embodiment, the ?rst four most signi?cant bit 
planes (b7, b6, b5, and b4) of the 8-bit binary vector are 
retained. In essence, four binary images are retained. In 
FIGS. 4A—4D, the four binary images 18a—18a' are depicted, 
representing the four most signi?cant bit planes of the 
gray-tone image 36 of FIG. 3. An Euler number may be 
computed for each binary image 18a—18d. 

In one embodiment, before computing the Euler number 
for each binary image 18, the four-bit binary vector (b7, b6, 
b5, b4), is converted to its corresponding re?ected gray code 
vector (g7, g6, g5, g4), in Which: 

where 69 denotes XOR (modulo-2) operation. The result of 
the re?ected gray code conversion is depicted in binary 
images 28a through 28d of FIGS. 5A—5D, respectively, 
according to one embodiment. It is Well-known that for any 
binary vector, the corresponding re?ected gray code is 
unique and vice-versa. 

Accordingly, in one embodiment, the Euler vector, EK of 
the original gray-tone image, K, is a 4-tuple (E7, E6, E5, E4), 
where E, is the Euler number of the partial binary image, gi, 
formed by the i”1 bit plane, 4éié7, corresponding to the 
re?ected gray code representation of intensity values. 

Thus, in addition to calculating an Euler number for a 
binary image, an Euler vector for a gray-tone image may be 
calculated by considering the four most signi?cant binary bit 
planes of the image, converting the 4-bit binary vector to its 
corresponding re?ected gray code, and computing the Euler 
number for each re?ected gray code representation. 

In characteriZing gray-tone images using Euler vectors, 
the elements of the Euler vector have, in some cases, a 
decreasing order of importance. That is, element E7 is most 
signi?cant in characteriZing the image, next is E6, and so on. 
Further, the ranges and the variances of various elements of 
the Euler vector Widely differ. In such an environment, the 
Mahalanobis distance may be adopted to provide a measure 
that captures the similarity and dissimilarity of properties for 
features of a set of images. 
Mahalanobis Distance 

The Euler number Ei, may thus characteriZe a binary 
image. By extension, an Euler vector El, including four Euler 
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4 
numbers, E7, E6, E5, and E4, may characteriZe a gray-tone 
image. Each Euler number Ei, may be described as a 
“feature” of the gray-tone image, according to one embodi 
ment. In one embodiment, Euler vector characteriZation may 
form a basis for image retrieval. 

Suppose an Euler vector, EK, describes features for each 
gray-tone image, K, in an image database. A neW image, q, 
having features de?ned by Euler vector Eq, is to be retrieved 
from the image database. The neWly received image, q, may 
be compared to each of the images in the image database. 
Once a match is found, image retrieval is complete. 
One Way to compare tWo things is to measure a distance 

betWeen them. Distance measurement may be performed 
betWeen scalars, such as numbers, but also may be per 
formed betWeen vectors. Where an image is described using 
a vector, the distance betWeen the vector and a second image 
having its oWn vector may be computed. Accordingly, the 
distance betWeen the tWo images may be computed. 

Suppose the query image 30q is not found in the image 
database 40. Rather than comparing for an exact match, in 
one embodiment, a distance measure betWeen the query 
image 30q and other images in the database may be taken. 
One distance measure is knoWn as a Mahalanobis distance 
measure. The Mahalanobis distance measure calculates the 
“distance” betWeen the query image 30q and the other 
images in the database, then ranks the distance results. The 
smallest distance result is the “match.” 
The Mahalanobis distance measure operation is depicted 

in FIG. 6, according to one embodiment. A system 100 
includes a processor 80, an image database 40 and a Mahal 
anobis distance measure 60. The image database 40 includes 
multiple images 30, in Which each has an associated Euler 
vector, EK. The Mahalanobis distance measure 60 receives 
each of the images 30 from the image database 40, and 
compares them to a query image 30q, Which includes its oWn 
Euler vector, Eq. In one embodiment, the Mahalanobis 
distance measure 60 is a softWare program, executable by 
the processor 80, for performing Mahalanobis distance mea 
surements betWeen the query image 30q and one or more 
images 30 from the image database 40. 
A result table 50, according to one embodiment, includes 

distance calculations as betWeen the query image 30q and 
one or more images 30 in the image database 40. In one 
embodiment, the distance results are ranked according to 
their siZe. Thus, the ?rst (or last) entry in the result table 50 
is the “match” of the distance calculation. 

Each of the images 30 in the image database 40 may be 
classi?ed or described according to the Euler vector, EK. The 
elements of the Euler vector, or Euler numbers, E7, E6, E5, 
and E4, represent features of the gray-tone image 30 they 
classify. Conventionally, distance measures betWeen tWo 
vectors may be used to capture the “closeness” of the tWo 
vectors. For example, the Euclidean distance betWeen vec 
tors x and y, Where x has four elements, x1, x2, x3, and x4 and 
y likeWise has four elements, yl, Y2, y3, and y4 is given by 
the folloWing equation: 

For some phenomena, the Euclidean distance does not 
provide a very good distance measure. Recall that When 
characteriZing gray-tone images by an Euler vector, the 
elements of the vector have a decreasing level of impor 
tance. That is, E7 is more important in characteriZing the 
gray-tone image 30 than E6; E6 is more important in 
characteriZing the image 30 than E5; and so on. 
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Further, the ranges and the variances of the elements (E7, 
E6, E5, and E4) of the vector Widely differ in their magni 
tudes. In such an environment, the Mahalanobis distance 
may provide a better measure than the Euclidean distance 
for capturing the similarity/dissimilarity properties betWeen 
the images 30 of the database 40. 

The Mahalanobis distance betWeen tWo vectors, X and y, 
may be derived from the following equation: 

dOmwW 

Where ‘ represents matrix transposition. MVC is the variance 
covariance matrix formed by the image feature vectors: 

I I I ' 

X =(X1> X2, - ~ ' > XN) and y=(y1> y2> ' ' ' a Here, 1S 
. _1 . . . 

a (1><n) matrix, MVC is an (n><n) matrix, and (x-y) is an 
(n><1) matrix; hence their product is a scalar. 

The variance-covariance matrix of X, denoted as MVC, is 
an N><N matrix given by: 

Mvc(i,j)=variance of the ith feature x,-, if i=j; 

=covariance of the ith variable xi and jth variable xj if i==j 

Note that MVC(i, j)=MVC(j, i). The variance-covariance 
matrix of x is also knoWn as a dispersion matrix. 

To compute the variance-covariance matrix of image 
feature vectors, both the variance and the covariance are 
computed. The variance of a feature, xi, is de?ned as: 

Where L is the number of the observations of the variable 

(feature) xi. 
The features of a gray-tone image may also be correlated. 

The measure of the correlation betWeen any tWo features is 
knoWn as covariance. Covariance is de?ned as folloWs: 

Once the variance and covariance values are determined, 
the variance-covariance matrix, MVC, may be computed. 
The variance-covariance matrix, MVC, looks like: 

M vc = 

5Z1 Gin/(162,161) Gin/(163,161) Cm/(Xn, X1) 

C0v(X1, X2) 5Z2 C0v(Xs, X2) COWXn, X3) 

c0v(x1, x3) c0v(x2, X3) 633 c0v(x,,, x3) 

Gin/(96m 96min) 

In FIG. 7, the variance-covariance matrix, MVC, for a 
database of images 30, is computed according to one 
embodiment. To illustrate, assume the image database 40 
includes images 30 in Which each image 30K has an asso 
ciated Euler vector, EK. Each Euler vector, EK includes Euler 
numbers EK7, EKG, EK5, and EK4, Which constitute “features” 
of the image 30K. 

The variance-covariance matrix may be computed for all 
the images 30 of the database 40. Subsequently, a query 
image 30q may be received by the system 100, as depicted 
in FIG. 6. Once the variance-covariance matrix, MVC, is 
calculated, image queries may quickly retrieved desired 
images. 

In one embodiment, the Mahalanobis distance measure 60 
computes the mean (or average) of each feature of the image 
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6 
database 40 (block 202). Because the Euler vector, EK, 
includes four features, Euler numbers E7—E4, four mean 
calculations are computed, as folloWs: 

Where j is the number of images in the image database 40. 
The features of each image 30 in the database 40 may be 

correlated. The measure of the correlation betWeen any tWo 
features is re?ected in the covariance equation, de?ned 
above. Accordingly, in one embodiment, the covariance 
betWeen features of the images 30 is calculated (block 206). 
For example, in the illustrated database 40, the folloWing 
covariance equations may be computed: 

The covariance is computed as betWeen Euler numbers E7 
and E6, E7 and E5, E7 and E4, E6 and E5, E6 and E4, and E5 
and E4. The covariance is associative. Thus, cov(E7, E6)= 
cov(E6, E7), and so on. 
NoW that the variance and covariance are knoWn for the 

features E7, E6, E5, and E4 of the image database 40, the 
variance-covariance matrix MVC may be computed accord 
ing to one embodiment (block 208). For a database of 
images characteriZed using Euler vectors, EK, the variance 
covariance matrix MVC looks like: 

Gin/(E6, E7) Gin/(155,157) Gin/(154,157) 

6%6 MES. E6) wv<E4.E6> 

6% Gin/(E4, Es) 

Computation of the variance matrix, according to FIG. 7, is 
thus complete. 

Once the variance-covariance matrix, MVC, is knoWn, the 
Mahalanobis distance may be measured betWeen a query 
image 30q and one or more images 30 in the image database 

In one embodiment, the Mahalanobis distance is com 
puted according to the How diagram of FIG. 8 (block 302). 
First, a difference betWeen tWo vectors is calculated. Each 
vector includes feature information for a given image 30. 
For example, Where the Mahalanobis distance is sought 
betWeen the query image 30q and the image 30a of the 
image database 40, the difference betWeen the Euler vectors 
Eq and Ea is calculated. The difference betWeen Eq and Ea is: 
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Likewise, the transpose (ELI-Ea)‘ is as follows: 

(Eq—§a)'=[(Eqv—Eav), (5.76-5.16), (5.75-5.15), (EH-5.14)] 
Additionally, to compute the Mahalanobis distance 

betWeen image 30q and any of the images 30 in the image 
database 40, the inverse of the variance-covariance matrix, 
MVC, or MVC_1, is calculated (block 304). The inverse of the 
matrix MVC is calculated according to knoWn principles. 
From these operations, the Mahalanobis distance may be 

calculated (block 306). For example, using the query image 
30q, the Mahalanobis distance may be calculated betWeen 
the query image 30q and one or more of the images 30 in the 
image database 40, as folloWs: 

In one embodiment, the Mahalanobis distance measure 60 
ranks the distance calculations in order from smallest to 
largest. Accordingly, the ?rst entry into the result table 50 is 
the closest match for the query image 30q. In one 
embodiment, using the Euler vector as the representative 
image feature and the Mahalanobis distance as the closeness 
measure, the desired image is found to lie at minimum 
distance. Noisy and compressed versions of the query image 
30q have next higher rank in the result table 50. 

In some embodiments, the various features used to char 
acteriZe the images 30 may not be equally important for 
retrieval. In such a case the elements of the variance 
covariance matrix, MVC, may be multiplied by a suitable 
Weight factor according to the importance of the correspond 
ing feature. 

For very large databases, computing the distance from the 
query image 30q to all other images 30 in the database 40 
may take substantial time. Thus, ranking and, in turn, 
retrieval, may be undesirably sloW. To obviate the problem, 
multi-dimensional search techniques may be employed to 
retrieve a subset of images lying in the neighborhood of the 
query image 30q in the feature space. Ranking according to 
the proposed distance measure may then be performed on 
this subset only. 
Range Trees 

There are many techniques available for ?nding an item 
in a database. Asequential search of the database may occur, 
a hash table may be used and binary search techniques may 
be employed, as examples. Abinary tree is a data structure 
used for storage, removal, and searching of items in a data 
set. With respect to the images 30 in the image database 40, 
it is desirable to ?nd the image 30 that is similar to the query 
image 30q Without searching all j of the images in the 
database 40. 

In one embodiment, a multi-dimensional search tree is 
thus used for storing the images 30. The multi-dimensional 
search tree permits ef?cient retrieval of the images 30. 
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In one embodiment, images are stored in the binary tree 

at random. Sometimes, hoWever, the data is not inserted into 
the binary tree in random order. The performance of a binary 
search, therefore, may be less than optimal. The binary tree 
may be “rebalanced” after each insertion or deletion of data. 
During rebalancing operations, the nodes of the binary tree 
are rearranged using rotations. Typically, these rotations 
minimiZe the height of the binary tree. 
One type of binary tree is knoWn as an AVL tree (named 

for its creators Adelson-Velskii and Landis). In this particu 
lar form of binary tree, rebalancing ensures that, for each 
node in the AVL tree, the difference in height betWeen its 
subtrees, knoWn as a balance factor, is not greater than 1. 

In one embodiment, a four-dimensional range tree 62, as 
depicted in FIG. 6, is used as a data structure for storing the 
Euler vectors, EK, associated With each image 30 in the 
database 40. The range tree 62 is four-dimensional because 
the Euler vector includes four features, Euler numbers E7, 
E6, E5, and E4. Using the Euler vector, Eq, for the query 
image 30q, the range tree 62 speci?es a particular node. In 
one embodiment, the Mahalanobis distance measure 60 is 
performed betWeen the query image 30q and only these 
images lying at the node, rather than on all images 30 of the 
range tree 62. The results may be ranked in descending 
order, such that the ?rst distance value points to the matched 
image 30. 

While the present invention has been described With 
respect to a limited number of embodiments, those skilled in 
the art Will appreciate numerous modi?cations and varia 
tions therefrom. It is intended that the appended claims 
cover all such modi?cations and variations as fall Within the 
true spirit and scope of this present invention. 
What is claimed is: 
1. A method comprising: 
describing a plurality of images included in a database 

according to one or more features, Wherein each feature 
is an Euler number; 

receiving a query image; 
computing a Mahalanobis distance betWeen the query 

image and one of the plurality of images. 
2. The method of claim 1, Wherein computing a Mahal 

anobis distance betWeen the query image and one of the 
plurality of images further comprises: 

constructing a variance-covariance matrix using the one 
or more features of the plurality of images; 

selecting a ?rst image from the plurality of images, the 
?rst image comprising the one or more features; and 

computing the Mahalanobis distance betWeen the ?rst 
image and the query image using the variance 
covariance matrix. 

3. The method of claim 2, Wherein constructing a 
variance-covariance matrix using the one or mere features of 
the plurality of images further comprises: 

computing the mean of a feature of the plurality of 
images; 

computing the variance of the feature of the plurality of 
images; and 

computing the covariance betWeen a pair of features of 
the plurality of images. 

4. The method of claim 3, further comprising: 
constructing the variance-covariance matrix from the 

computed variances and covariances. 
5. The method of claim 2, Wherein computing the Mahal 

anobis distance betWeen the ?rst image and the query image 
using the variance-covariance matrix further comprises: 
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identifying a ?rst vector for the ?rst image, Wherein the 
?rst vector numerically characterizes the one or more 
features of the ?rst image; 

identifying a query vector for the query image, Wherein 
the query vector numerically characteriZes the one or 
more features of the query image; and 

calculating the difference betWeen the ?rst vector and the 
query vector to produce a difference vector. 

6. The method of claim 5, further comprising: 
multiplying the difference vector by an inverse of the 

variance-covariance matrix to produce an intermediate 
result; and 

multiplying the intermediate result by an inverse of the 
difference vector. 

7. The method of claim 6, further comprising: 
storing the features of the plurality of images in a range 

tree. 

8. A system comprising: 
a processor; 

an image database including plural images, each of the 
images described according to one or more features 
Wherein each feature is an Euler number; and 

a machine-readable storage medium comprising a soft 
Ware program, that if executed by the processor, is 
effective to receive a query image, to compute a Mahal 
anobis distance betWeen the query image and one of the 
plural images and to retrieve an image from the data 
base. 

9. The system of claim 8, Wherein the softWare program, 
if executed by the processor, is effective to: 

construct a variance-covariance matrix using one or more 

features of the plural images in the image database. 
10. The system of claim 9, Wherein the softWare program 

further computes the Mahalanobis distance by: 
computing the mean of one or more features of the plural 

images; 
computing the variance of one or more features of the 

plural images; and 
computes the covariance betWeen pairs of features of the 

plural images. 
11. The system of claim 10, Wherein the softWare program 

further computes the Mahalanobis distance by: 
identifying a ?rst image of the image database, Wherein 

the ?rst image comprises a ?rst vector Which numeri 
cally characteriZes the one or more features of the ?rst 
image; and 

identifying a query vector for the query image, Wherein 
the query vector numerically characteriZes the one or 
more features of the query image. 

12. The system of claim 11, Wherein the softWare program 
further computes the Mahalanobis distance by: 

calculating a difference betWeen the ?rst vector and the 
query vector to produce a difference vector; and 

calculating an inverse of the difference vector. 
13. The system of claim 12, Wherein the softWare program 

further computes the Mahalanobis distance by: 

10 
multiplying the difference vector and an inverse of the 

variance-covariance matrix to produce an intermediate 
result; and 

multiplying the intermediate result by an inverse of the 
5 difference vector. 

14. An article comprising a machine-readable medium 
storing instructions to enable a processor-based system to: 

describe a plurality of images included in a database 
according to one or more respective features, Wherein 
each feature is an Euler number; 

receive a query image; 

compute a Mahalanobis distance betWeen the query image 
and one of the plurality of images and retrieve an image 
from the database. 

15. The article of claim 14, further storing instructions to 
enable a processor-based system to: 

construct a variance-covariance matrix using the one or 
more features of the plurality of images; 

select a ?rst image from the plurality of images, the ?rst 
image comprising the one or more features; and 

compute the Mahalanobis distance betWeen the ?rst 
image and the query image using the variance 
covariance matrix. 

16. The article of claim 15, further storing instructions to 
enable a processor-based system to: 

compute the mean of a feature of the plurality of images; 

compute the variance of the feature of the plurality of 
images; and 30 

compute the covariance betWeen a pair of features of the 
plurality of images. 

17. The article of claim 16, further storing instructions to 
enable a processor-based system to: 

35 construct the variance-covariance matrix from the com 
puted variance and covariance. 

18. The article of claim 17, further storing instructions to 
enable a processor-based system to: 

identify a ?rst vector for the ?rst image, Wherein the ?rst 
vector numerically characteriZes the one or more fea 
tures of the ?rst image; 

40 

identify a query vector for the query image, Wherein the 
query vector numerically characteriZes the one or more 
features of the query image; and 

calculate the difference betWeen the ?rst vector and the 
query vector to produce a difference vector. 

19. The article of claim 18, further storing instructions to 
enable a processor-based system to: 

multiply the difference vector by an inverse of the 
variance-covariance matrix to produce an intermediate 
result; and 

multiply the intermediate result by an inverse of the 
difference vector. 

20. The article of claim 19, further storing instructions to 
enable a processor-based system to: 

store the features of the plurality of images in a range tree. 
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